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•  Why use experiments? 
 

• Statistical rationale 
 

• “Sociological” rationale 
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•  What does “experiment” mean? 
• Essence of experimentation:  
intervene and compare. 
 
To find out what happens to a system when you 
interfere with it you have to interfere with it (not just 
passively observe it). 
(Box, 1966) 
 

• Distinguishes from observational research 
• Experiments intervene by assigning people to 
different treatment conditions 
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•  Why intervene? 

• From a statistical perspective, the reason is 
to address confounding 
 
confound: v. to fail to discern differences between: mix up 
(Merriam-Webster) 
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•  Vignette:  
• Forest rangers study in Aceh 
(Paler, Samii, & Lisiecki, 2016) 

• Mitigate illegal logging 

• Offer alternative occupation to 
those recruited into illegal 
logging 

• Effects of such alternatives on 
engaging in logging, forest 
conservation 
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COMMUNITY RANGERS PROGRAM    15

C R P  I M P L E M E N TAT I O N

In this section, we discuss the implementation of the CRP. 
First, we assess whether people in non-CRP localities 
had exposure to the program, which allows us to discuss 
possible spillover effects. Second, we examine attitudes 
towards the program within treated localities and among 
youths selected to become rangers. Supporting this is a 
brief summary of the results of analysis of implementation, 
while a more detailed discussion with tables and figures 
can be found in Annex 4.19

4.1 Reported exposure to the CRP

We have used data from three sources, namely village 
head, household head and youth surveys, to investigate: 
(1) the extent to which CRP activities were actually 
observed in treated communities; and (2) the extent to 
which they were confined to CRP locations or whether 
they spill over into neighboring areas. We compare data 
from various indicators to ascertain differences between 
the treatment group and the two non-CRP control groups 
(consisting of mukim in Ulu Masen and Leuser) for 
household heads and village heads. In general, we find 
that the program was highly visible in treated communities 
and that spillovers were very limited, although the survey 
data suggest that spillovers may have occurred to a limited 
degree among village elites.

For example, in a survey of household heads, answers to 
the CRP awareness questions differed sharply between 
the treatment group and the control group. Household 
heads in CRP villages were far more likely to have heard of 
the CRP, while household heads in non-CRP villages in Ulu 
Masen were only slightly more likely to have heard of the 
CRP than their counterparts in Leuser. In other words, there 
was a little spillover in knowledge of the CRP program in 
control villages in Ulu Masen compared with pure control 
villages in Leuser.  The question on seeing CRP patrols 
shows similar differences between villages in different 
treatment conditions. 

19 All annexes can be accessed online via the following link: http://dx.doi.org/10.7910/DVN/SEG0O8.

Monitoring illegal logging with the Sungai Mas Rangers.



•  Why intervene? 
• From a statistical perspective, the reason is 
to address confounding 
 

• Suppose we used observational methods 
• Two types of confounds: 

• “Selection”: people receiving treatment differ from 
those who do not in hard-to-measure ways 

• “Bundling”: people receiving treatment are also 
receiving other things that are not measured 
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•  Why intervene? 
• Experiments help to remove the confounds: 

• “Selection”: assign treatments in a way that 
ensures comparability (e.g., randomization) 

 

• “Bundling”: isolate effects of things you actually 
manipulate via intervention 
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 Is the randomized control trial model valid for development, post-conflict, and humanitarian 
programs?   Sometimes  it  is,  and  sometimes  it  isn’t.   For  example,  post-conflict  and  humanitarian  
contexts may not permit randomization, either because of the need for sensitive application of 
interventions or because of the need to act quickly.  That does not change the fact that 
randomization, in theory, is the most reliable method for impact evaluation.  The further we stray from 
this  standard,  the  less  we  can  know  about  whether  a  program  is  effective  or  not.   Sometimes  it  
makes sense to accept such limitations, in which case alternative methods may be used.  

The key to impact evaluation is constructing a comparison group.  There are two types of 
strategies.  The first type involves designing the program itself in such a way as to allow for a rigorous 
impact evaluation.  The second type exploits almost-random variation and uses controlled comparisons.  We 
call the latter quasi-random strategies. 

Designing programs to allow for rigorous impact evaluation 

1. Full randomization.  This is the strongest method.  A program can first narrow down 
potential beneficiaries to a pool of worthy individuals, communities, or organizations.  The 
number of potential beneficiaries may be much greater than the number of people that the 
program can serve.  A lottery system is used to determine who receives benefits and who 
does not.  To improve the strength of the study, would-be beneficiaries can even be paired 
on the basis of important characteristics, and then a coin flip can be used to determine 
which member of the pair is receives the program benefits.  The impact evaluation tracks 
outcomes among those selected as well as those not selected to receive benefits. It uses 
differences between these two groups to determine impact.  Positive evidence can be used to 
apply for funding to extend program coverage.  A famous example is the Mexican 
government’s Progresa-Oportunidades program, which randomly selected communities to be 
eligible for conditional cash transfer programs.   

Full randomization is routine in evaluating education, development, and public 
health interventions.  It can be used to assess the impact of an entire program or it can be used 
to assess the relative effectiveness of different strategies within a program.  For example, 
randomized impact evaluation has been used to assess the relative merits of two beneficiary 
selection methods for targeted income assistance programs.  The first method was “means 
testing,” which is very precise but very expensive, and the second was “community 
selection”, where community leaders are assembled to name beneficiaries. The latter is 
potentially subject to “capture” by local elites.  Randomized impact evaluations found that in 
most cases, community selection processes were fair. 
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Figure 1: Illustrating the Before-After Fallacy 



•  Why intervene? 

• But there are reasons beyond statistics 

• “Sociological” reasons: 

• Putting manipulability to the test 

• Deep engagement 
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•  Why intervene? 
• Putting manipulability to the test: 

 
casual factor à outcome of interest 
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•  Why intervene? 
• Putting manipulability to the test: 

 
casual factor à outcome of interest 
 
Observational research sheds light on 
mechanisms 
 
But leaves the question: Can the mechanism 
be affected? Can we really do anything? 
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•  Why intervene? 
• Deep engagement: 

• Experimental studies are prospective 

• Research operates alongside implementation 

• Program goals have to be made concrete 
 

We are all Albert Hirschman now. 
(Blattman, 2016) 

9/20/17 11 



•  Challenges to using experiments 

• Time scale: can only sustain treatment variation 
for so long 

• Spatial scale: hard to experiment with macro 
factors 

• Logistics: much more up-front investment 
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•  Conclusion 
 

• Experiments have value in terms of statistics 
but also other reasons 

• They are especially valuable when motivated 
by a debate 
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